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Scope note: This paper evaluates the acquisition economics of generative search and the method classes used to capture AI-
recommended traffic. It compares AI-referral efficiency against traditional marketing channels and assesses Generative Engine 
Optimization against legacy programmatic SEO+ practices. Figures are drawn from the cited public research and vendor sources; 
each source is assigned a reliability tier (see Sources and Notes), and vendor case studies are labeled as self-reported where 
applicable. Where vendor estimates diverge, ranges are reported rather than single point figures, and the newest, highest-velocity 
statistics are flagged as early signals. 

Disclosure: AnswerShare Research develops Generative Engine Optimization and Share-of-Model measurement tools. This paper 
synthesizes public third-party research; vendor and agency figures are labeled accordingly, and its conclusions about GEO reflect 
that commercial vantage point. Readers should weigh the synthesis on the strength of the cited primary sources rather than on 
the author’s recommendation alone. 

Abstract 

The digital customer acquisition landscape is undergoing a structural break. Traditional search interfaces, long 

dominated by index-based directory results, are being bypassed in favor of conversational, synthesized AI 

recommendation engines. Zero-click search, which stood at roughly 50% in 2019 and 60.45% in 2024, reached 

68.01% of US Google searches during the first four months of 2026, while Google AI Overviews now trigger 

on more than 25% of all searches.1,2 When AI Overviews appear, the click-through rate of the top organic result 

falls by approximately 58%.3 AI search engines themselves post the highest zero-click rates in the history of the 

web.4 

Yet the visitors who do click through from AI sources are highly qualified. This paper compares the acquisition 

efficiency of AI-recommended answers against organic, paid, social, and direct channels; explains why legacy 

SEO+ and thin programmatic content fail under retrieval-augmented generation; and presents Generative 

Engine Optimization as the research-grounded alternative. The central finding is that brands must optimize for 

inclusion, citation, and recommendation inside AI-generated answers, measured through Share of Model, 

rather than for high-volume clicks that the zero-click economy no longer delivers.5,6,21 

The core tension in one line 

AI referrals are simultaneously tiny and decisive. Generative AI still accounts for only about 1% of total 

web sessions, yet those sessions convert at a large multiple of organic search. The strategic case in this 

paper rests on that asymmetry: brands are not chasing volume, they are positioning for a small stream of 

unusually high-intent visitors that is compounding quickly.7,14 

https://www.wikidata.org/wiki/Q18157412
https://www.wikidata.org/wiki/Q18157412
https://www.wikidata.org/wiki/Q140196284
https://www.wikidata.org/wiki/Q140196284
https://sparktoro.com/blog/in-2026-less-than-one-third-of-google-searches-still-send-a-click/
https://www.semrush.com/blog/semrush-ai-overviews-study/
https://ahrefs.com/blog/ai-overviews-reduce-clicks-update/
https://www.digitalapplied.com/blog/zero-click-search-statistics-2026-complete-data
https://www.bain.com/insights/goodbye-clicks-hello-ai-zero-click-search-redefines-marketing/
https://www.gartner.com/en/newsroom/press-releases/2024-02-19-gartner-predicts-search-engine-volume-will-drop-25-percent-by-2026-due-to-ai-chatbots-and-other-virtual-agents
https://arxiv.org/abs/2311.09735
https://ahrefs.com/blog/ai-search-traffic-conversions-ahrefs/
https://techcrunch.com/2025/07/25/ai-referrals-to-top-websites-were-up-357-year-over-year-in-june-reaching-1-13b/
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Sources and Notes 

1. The structural break in search 

Randall Fishkin's baseline tracking of zero-click searches, which stood at approximately 50% in 2019, rose to 

60.45% in 2024 and climbed to a peak of 68.01% of US Google searches during the first four months of 2026, 

meaning fewer than one in three Google searches now sends a click to the open web.1 This phenomenon is 

driven by the rapid integration of Google AI Overviews, which now trigger on more than 25% of all searches, 

up from 13.14% in March 2025 and 6.49% in January 2025.2 

When AI Overviews appear, they reduce clicks to the top-ranking organic page by approximately 58%, and 

traditional organic click-through rates contract sharply across positions.3 AI search engines themselves have 

established the highest zero-click rates in the history of the web, with Perplexity near 93%, Google AI Mode at 

88%, ChatGPT Search at 82%, and Microsoft Copilot at 78%.4 

The commercial consequences are stark. Primary consumer research from Bain & Company indicates that 

about 80% of consumers now rely on AI-generated answers for at least 40% of their searches, producing an 

estimated 15% to 25% organic search-volume decline across multiple commercial sectors.5 Gartner projects 

that traditional search engine volume will decline by 25% by 2026 as consumers embrace conversational 

search.6 Despite this contraction, the visitors who arrive via AI recommendations are unusually qualified, which 

is why acquisition efficiency, not raw traffic, becomes the decisive metric. 

2. Comparative acquisition efficiency: AI referrals versus traditional 
vectors 

Traditional acquisition channels operate on a broad-funnel architecture in which users navigate awareness, 

research, and consideration across multiple open-web pages. Generative interfaces compress that journey by 

https://sparktoro.com/blog/in-2026-less-than-one-third-of-google-searches-still-send-a-click/
https://www.semrush.com/blog/semrush-ai-overviews-study/
https://ahrefs.com/blog/ai-overviews-reduce-clicks-update/
https://www.digitalapplied.com/blog/zero-click-search-statistics-2026-complete-data
https://www.bain.com/insights/goodbye-clicks-hello-ai-zero-click-search-redefines-marketing/
https://www.gartner.com/en/newsroom/press-releases/2024-02-19-gartner-predicts-search-engine-volume-will-drop-25-percent-by-2026-due-to-ai-chatbots-and-other-virtual-agents
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performing qualification, synthesis, and evaluation inside the conversational session. Consequently, visitors 

arriving via generative AI recommendations convert at rates that dwarf organic search, paid search, social 

media, and direct traffic.7 

Independent analyses confirm that AI-referred traffic converts at 5 to 23 times the rate of standard organic 

search, even though generative AI traffic still represents roughly 1% of total web sessions across major 

industries.7 

Caveat — the conversion premium is a range, not a constant 

The headline "AI converts better" finding is robust in direction but wide in magnitude across vendors. 

Reported premiums versus organic search span roughly 2x to 23x depending on methodology, sample, 

and conversion definition — Similarweb-class datasets land near the low end (~2x), Semrush-class mid-

range (~4x), and Ahrefs first-party sign-up data at the high end (~23x). Treat the multiple as a band, and 

weight first-party datasets that disclose their conversion event over aggregated estimates.7,8 

Metric LLM / ChatGPT Google Organic Paid Search Paid Social Direct 

B2B conversion 15.90% 1.76% 3.50–6.20% 0.46% 0.13% 

eCommerce conversion 11.40% 5.30% 3.50–6.20% 0.37% 0.41% 

Sign-up conversion 1.66% 0.15% n/a 0.46% 0.13% 

Paid subscription 1.34% 0.55% n/a 0.37% 0.41% 

First-session conversion 73.00% 23.00% n/a n/a n/a 

Session-duration 

premium 
+68.00% Baseline -15.00% -40.00% -10.00% 

Pages per session 2.30 1.20 1.50 1.10 1.40 

Cross-channel conversion and engagement. Figures compiled from AI-referral conversion studies and publisher analytics. 7,9,13 

Ahrefs' internal analytics illustrate the pattern: visitors referred by AI platforms represented only 0.5% of total 

incoming traffic but generated 12.1% of all new sign-ups, a 24.2-fold conversion premium over traditional 

organic traffic.8 Similarly, Microsoft Clarity's tracking of more than 1,200 publisher and news sites found that 

LLM-referred visitors convert to sign-ups at 1.66%, roughly eleven times the 0.15% rate of traditional search 

and nearly four times the 0.46% rate of social media.9 Conductor's benchmark data shows that 73% of visitors 

from AI referrals convert during their first session, compared with 23% of Google organic visitors.9 

The financial value of these sessions has risen rapidly. Across retail sites tracked by Adobe Analytics, revenue 

per visit from AI referrals improved from just 3% of non-AI traffic value in July 2024 to 70% by May 2025, 

approaching parity by late 2025.10 

3. Consumer psychology and the dark funnel 

The conversion premium is driven by a fundamental shift in user intent. Traditional search sessions are brief 

and exploratory, with short, fragmented keywords. Generative queries are conversational and contextually 

dense, averaging around 23 words against the legacy search average of about four.11 Users engage in multi-

turn conversations, outlining detailed personal or business problems, and the model acts as an intermediary 

that filters options and compares alternatives inside the chat interface, a process often termed the dark funnel. 

https://ahrefs.com/blog/ai-search-traffic-conversions-ahrefs/
https://ahrefs.com/blog/ai-search-traffic-conversions-ahrefs/
https://ahrefs.com/blog/ai-search-traffic-conversions-ahrefs/
https://ahrefs.com/blog/ai-search-traffic-conversions-ahrefs/
https://ahrefs.com/blog/ai-search-traffic-conversions-ahrefs/
https://www.conductor.com/academy/aeo-geo-benchmarks-report/
https://www.conductor.com/academy/aeo-geo-benchmarks-report/
https://ahrefs.com/blog/ai-search-traffic-conversions-ahrefs/
https://www.conductor.com/academy/aeo-geo-benchmarks-report/
https://www.conductor.com/academy/aeo-geo-benchmarks-report/
https://business.adobe.com/blog/ai-driven-traffic-surges-ahead-in-q2
https://www.ranketai.com/en/blog/deep-dive-conversational-query-content-design-2026-06-05
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By the time a user clicks an outbound citation, the selection decision is highly developed. The web visit is no 

longer for early-stage discovery but to confirm and execute a transaction already decided during the session. 

This high intent is reflected in engagement: visitors referred by ChatGPT spend an average of roughly 15 

minutes on-site versus eight minutes for traditional Google referrals, viewing nearly double the pages per 

session.12 

4. Platform-specific acquisition and referral market share 

Not all AI platforms generate identical referral volumes or buyer quality, because differences in platform design 

directly shape click-through behavior. 

AI platform Conversion rate AI referral share Behavioral characteristics 

Claude 16.80% 0.17% 
Observed pattern: deep analytical focus; over-indexes 

on specialized, regulated, and academic queries. 

ChatGPT 15.90% 87.40% 
Dominant traffic driver; acts as a destination interface; 

captures broad consumer segments. 

Perplexity 10.50% 2.80% 
Behaves like a research engine; high citation density; 

encourages outbound exploration. 

Gemini 3.00% 6.40% 
Observed pattern: practical and task-oriented; 

converts comparatively well on direct tool and 

calculator landing pages. 

Platform conversion and referral characteristics, as an observed benchmark pattern from the cited Conductor/Digital Bloom data — not 

stable platform constants. Per-engine conversion ordering varies by vertical, query mix, and measurement window. 13 

Among AI referrers, ChatGPT is the dominant source, routing about 87.4% of all outbound AI search traffic 

across major industries; Perplexity behaves more like a research engine with high citation density.13 In the 

benchmark data reported here, Claude shows the highest conversion rate at roughly 16.8% — an observed 

pattern in knowledge-heavy verticals within these panels rather than a fixed property of the platform; the per-

engine ordering shifts with query mix, vertical, and measurement window.13 While absolute referral volumes 

remain low, AI platforms collectively drove about 1.13 billion referrals globally in June 2025 against Google's 

191 billion, and generative AI traffic is growing on the order of 165 times faster than traditional organic search.14 

Growth signals reinforce the trajectory. Microsoft Copilot rose from 180 sessions in November 2024 to 4,534 

by November 2025, a 2,419% year-over-year increase.15 [EARLY SIGNAL] And on May 7, 2026, ChatGPT updated its 

interface to surface clickable brand links directly inside answers rather than hiding them in footnotes, a single 

change that lifted ChatGPT referral traffic 157.7% in one week and surged homepage referrals 354.7%.16 [EARLY 

SIGNAL] 

Read these two figures as early signals, not steady-state rates 

The Copilot +2,419% jump is computed off a very small base (180 to 4,534 sessions), and the +157.7% one-

week ChatGPT lift reflects a single interface change measured over seven days. Both are directionally 

important but volatile; they should be cited as leading indicators of momentum rather than durable 

growth rates that can be extrapolated.15,16 

5. The strategic failure of legacy SEO+ and programmatic scale 

https://thedigitalbloom.com/learn/gen-ai-website-traffic-share-february-2026/
https://www.conductor.com/academy/aeo-geo-benchmarks-report/
https://www.conductor.com/academy/aeo-geo-benchmarks-report/
https://www.conductor.com/academy/aeo-geo-benchmarks-report/
https://techcrunch.com/2025/07/25/ai-referrals-to-top-websites-were-up-357-year-over-year-in-june-reaching-1-13b/
https://previsible.io/seo-strategy/ai-seo-study-2025/
https://www.similarweb.com/blog/insights/ai-news/chatgpt-referral-traffic-triples/
https://previsible.io/seo-strategy/ai-seo-study-2025/
https://www.similarweb.com/blog/insights/ai-news/chatgpt-referral-traffic-triples/
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In response to declining click-through rates, agencies have introduced SEO+ bundles that combine traditional 

on-page optimization with programmatic SEO, using databases, code, and automated generation to publish 

thousands of templated landing pages. These campaigns chase long-tail keyword real estate, but they are 

increasingly ineffective under modern retrieval-augmented generation. 

Scaled content abuse and penalties 

The failure mode is specific, and it is worth stating precisely: the problem is thin programmatic scaling, not 

programmatic scaling as such. Thin programmatic SEO scales content by swapping a single variable, such as a 

geography or niche, into a static template, producing near-duplicate pages that add no new information. 

Search engines now penalize these pages: under helpful-content and scaled-content-abuse policies, near-

duplicate templated structures are treated as doorway pages designed to manipulate rankings.17 The result 

has been severe losses for legacy directory models, with local directories and comparison sites experiencing 

traffic drops in the range of 70% to 90% alongside broad deindexing of templated subdomains.17,19 

Data-rich programmatic content, by contrast, can still succeed. Pages generated at scale from genuinely 

distinct underlying data — each carrying unique facts, figures, and entity relationships not found elsewhere — 

deliver real information gain on every URL. The same automation that produces thin doorway pages can 

produce defensible, citable pages when the data layer underneath is unique rather than templated. The 

penalty attaches to the absence of information gain, not to the use of code to publish at scale; programmatic 

generation is a delivery mechanism, and its value is decided by what data it serves.17,21 

Information gain and retrieval inefficiency 

AI assistants and crawlers rely on RAG pipelines that are highly sensitive to information gain, a measure of how 

much new, unique data a document adds beyond a model's existing corpus. Static templates that are 95% 

identical across a domain offer virtually zero information gain, and RAG engines that recognize the repetition 

may exclude the entire domain from retrieval to save compute.21 Old-style programmatic content is also 

artificially lengthened to hit keyword-density targets, but RAG systems operate in limited token windows, so 

high-volume, low-density content wastes processing tokens and is less likely to be retrieved and cited. 

6. The sourcing disconnect: Google rankings versus AI citation 

A major vulnerability of SEO+ packages built around traditional rankings is the gap between page-one search 

results and AI citation inclusion. Large-scale analyses indicate that fewer than 10% of the web sources cited in 

generative answers rank in Google's top ten for the same queries. Semrush research shows that about 90% 

of the pages cited by ChatGPT rank 21st or lower in standard organic results, and roughly 80% of ChatGPT-cited 

URLs do not appear in Google's top 100.18 

Stage What the data shows 

Google top-10 search results 
Fewer than 10% of AI-cited web sources rank in Google's top ten for the same 

query.18 

→ Sourcing disconnect 
Approximately 90% of pages cited by ChatGPT rank 21st or lower in standard 

organic results.18 

AI citations / sourced pages Roughly 80% of ChatGPT-cited URLs do not rank in Google's top 100 at all.18 

Traditional SEO focuses on domain authority and backlink profiles, whereas generative engines prioritize 

factual correctness, structured definitions, and authoritative citations. Legacy B2B SEO+ also relies heavily on 

https://developers.google.com/search/docs/essentials/spam-policies
https://developers.google.com/search/docs/essentials/spam-policies
https://seranking.com/blog/review-platforms-in-ai-overviews/
https://developers.google.com/search/docs/essentials/spam-policies
https://arxiv.org/abs/2311.09735
https://arxiv.org/abs/2311.09735
https://www.semrush.com/blog/ai-search-seo-traffic-study/
https://www.semrush.com/blog/ai-search-seo-traffic-study/
https://www.semrush.com/blog/ai-search-seo-traffic-study/
https://www.semrush.com/blog/ai-search-seo-traffic-study/
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listings across major review platforms, yet those platforms have suffered catastrophic declines as AI Overviews 

answer comparison queries directly: TrustRadius down 92.2%, Capterra down 89%, Software Advice down 

86.5%, G2 down 84.5%, and Gartner Peer Insights down 76.5%.19 

Lily Ray's February 2026 analysis reinforces the link between traditional visibility and AI citation: across the 

tracked domains, 100% of sites that lost Google organic visibility during core algorithm updates also lost AI 

search citations, with citation drops of 27.8% on ChatGPT, 23.8% on Google AI Overviews, and 22.5% on 

average across LLMs.20 Traditional visibility therefore remains a necessary baseline for discovery, but keyword 

scaling that lacks unique data or structured formats fails entirely to capture AI visibility. 

7. Generative Engine Optimization: the research-grounded alternative 

To capture valuable AI-referred traffic, strategy must shift from keyword optimization to Generative Engine 

Optimization. First defined in a foundational academic study by researchers at Princeton University, Georgia 

Tech, the Allen Institute for AI, and IIT Delhi, GEO focuses on making content readable, structured, and 

authoritative for LLM retrieval systems. The study tested optimization strategies across a 10,000-query 

benchmark and found that the strongest individual techniques improved visibility in AI-generated answers by 

roughly 30% to 41%, with a headline of up to about 40%.21 

Optimization strategy Reported visibility lift Architectural rationale in RAG pipelines 

Quotation / expert-quote addition ~+41% 
Direct verified quotes raise authority and 

semantic-trust signals, mirroring E-E-A-T 

patterns. 

Statistics integration ~+31% to +37% 
Models exhibit a strong retrieval bias toward 

hard, precise, structured numbers. 

Cite-sources / authority links 
Variable, position-

dependent 
Outbound authority links provide clear 

verification pathways for trust evaluation. 

Fluency / readability optimization ~+15% to +30% 
Cleaner, well-structured infrastructure is easier 

for retrieval and synthesis to lift verbatim. 

Standard content (baseline) Baseline 
Basic text representation lacking secondary 

authority signals. 

GEO strategy impact reported in the Princeton / Georgia Tech / Allen AI / IIT Delhi study (GEO-bench, 10,000 queries). Lifts reflect single-

method interventions; the strongest land in the ~30–41% range, with the paper’s headline finding "up to ~40%." 21 

Note on combined tactics 

The source study reports lift for individual interventions, not a single "comprehensive multi-tactic" 

number. In practice, stacking statistics, quotations, and authoritative citations tends to compound, but 

any combined-stack figure should be treated as directional and validated against your own Share-of-Model 

testing rather than read as a published result.21 

These findings show that keyword optimization alone is ineffective for GEO. Models show a strong citation bias 

toward factual assertions backed by precise numbers, clear source links, and direct quotes from verified 

experts.21 

How to read the evidence — a causal ladder 

https://seranking.com/blog/review-platforms-in-ai-overviews/
https://lilyraynyc.substack.com/p/are-citations-in-ai-search-affected
https://arxiv.org/abs/2311.09735
https://arxiv.org/abs/2311.09735
https://arxiv.org/abs/2311.09735
https://arxiv.org/abs/2311.09735
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The argument in this paper should be read as a ladder of claims, each resting on different evidence, not 

as a single leap from “AI traffic converts better” to “GEO caused it.” Claim 1: AI-referred visitors are more 

qualified — supported by independent third-party conversion data. Claim 2: AI systems cite and 

recommend sources using signals that differ materially from classic Google ranking — supported by the 

sourcing-disconnect research. Claim 3: structured, sourced, fresh, entity-grounded content improves 

those citation signals — supported by the GEO-bench academic study. Claim 4: AnswerShare’s translation-

layer architecture is designed to improve those signals at scale — a design claim about the method. Claim 

5: first-party tests suggest the architecture works, but broader, independent causal proof is still 

developing. Claims 1–3 rest on independent evidence; Claims 4–5 rest on AnswerShare’s own first-party 

results, which are promising but not yet independently conclusive. 

From component tactics to the complete translation layer 

The GEO-bench techniques above are component-level interventions — individual edits applied to a human-

facing page. They raise visibility, but they are bounded by the page they sit on: a single template still mixes 

navigation, marketing copy, scripts, and the few high-value signals a model actually wants, forcing the retrieval 

pipeline to do extra work to find and trust them. The most effective optimization is therefore not a tactic but 

an architecture: a complete translation layer that delivers every one of those signals at once, in the cleanest 

possible form, without touching the human site. 

A full translation-layer implementation — the model behind platforms such as AnswerShare and Scrunch — 

reroutes AI bots and crawlers to a parallel, AI-optimized representation while preserving the human-facing 

experience unchanged. It serves clean-room HTML5, JSON-LD, and markdown payloads for documents from 

a cached CDN, grounds entities everywhere appropriate, and strips the noise that dilutes machine readability. 

The clean-room representation carries no client-side analytics overhead: AnswerShare does not add tracking 

scripts, beacons, tag managers, or analytics libraries to the AI-facing payload. Measurement is performed 

outside the payload — through edge logs, crawler classification, server-side aggregation, and controlled engine 

audits — preserving the low-noise surface the crawler receives. The architectural payoff is that it is designed 

to raise the retrieval-to-citation conversion rate: when a crawler retrieves a page, almost everything it 

receives is citable signal rather than chrome, so the share of retrievals that fail to convert into a citation 

collapses toward its floor. (This conversion concept is distinct from the Retrieval Token Cost metric — labeled 

RTCost in the metrics table — which measures the token-and-latency expense of extracting useful content; the 

two are unrelated.) Because the payloads are pre-rendered and cached, time-to-first-byte falls from roughly 

2,500ms on an uncached dynamic page to about 20ms from the edge, which matters because retrieval 

pipelines penalize slow or timed-out fetches. 

GEO-bench component tactic How a complete translation layer delivers it structurally 

Quotation / expert quotes 
Quotes and attributions are emitted as structured, grounded entities in JSON-

LD rather than buried in page prose, so every retrieval carries the authority 

signal. 

Statistics integration 
Hard numbers are served as machine-readable fields with units and dates, 

matching the retrieval bias toward precise, structured data. 

Cite-sources / authority links 
Source grounding is applied everywhere appropriate, giving the model explicit, 

verifiable provenance for each claim. 

Fluency / readability 
Clean-room HTML5 and markdown remove navigation, scripts, and marketing 

chrome, leaving only the high-signal content that synthesis can lift verbatim. 
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GEO-bench component tactic How a complete translation layer delivers it structurally 

Whole-page efficiency 
Cached CDN delivery cuts fetch latency by roughly two orders of magnitude, 

raising the share of retrievals that succeed and get cited. 

A complete translation layer delivers each isolated GEO-bench tactic simultaneously and at the architectural level, which is why 
AnswerShare frames full implementation as a Gold Standard Exemplar (GSE) of GEO engineering rather than a bundle of page edits. A 
GSE is a perfectly structured, high-authority content model that seamlessly blends unique data, explicit citations, and conversational 
formatting to serve as a structured blueprint for earning AI search citations — it is what AnswerShare builds to for every client. 

First-party validation — Top10Lists.us 

AnswerShare’s primary validator is Top10Lists.us, a merit-based real-estate directory built as a GSE of the 

translation-layer architecture. In the trailing 30 days the domain recorded approximately 4.2 million AI-

related crawls, of which about 4% were user-intent rather than indexing traffic, and the volume is still 

rising. The result is notable because the domain is only seven months old and carries a name pattern that 

both AI systems and Google tend to disdain, which would normally suppress discovery. Crawl volume is a 

retrievability signal at the top of the chain (crawl → retrieval → citation → mention → click → conversion), 

not a business outcome in itself — it measures that AI systems are fetching the property, not what they 

do with it downstream. These are AnswerShare’s own first-party measurements and are presented as a 

self-reported exemplar rather than independent third-party data. 

Field evidence — a 100-site GEO audit 

To test how widespread the readiness gap is, AnswerShare ran its fifteen-signal framework across a 100-

site audit spanning real estate, technology, finance, news, government, healthcare, and other verticals. 

Three findings stand out.28 First, the gap is structural, not occasional: every site in the sample scored lower 

on GEO than on conventional SEO, by a mean of about 21 points (the average site scored roughly 38 on 

GEO against 60 on SEO). Sites that are well built for human readers and Google are systematically under-

built for AI retrieval. Second, freshness fails almost universally: only 2 of the 100 sites met the 30-day 

last-modified target, with a median page age near 65 days — stale content that retrieval pipelines re-crawl 

and cite less. Third, the vertical comparison is decisive. Among real-estate and proptech properties, the 

major consumer portals clustered at the bottom — Zillow and Realtor.com at 19, Apartments.com at 18, 

and Redfin at 15 — despite respectable SEO scores, while the translation-layer directory Top10Lists.us 

topped the entire cohort at 85, a gap of more than 65 points inside the same industry. These are 

AnswerShare’s own first-party measurements, published with full methodology, and are presented as a 

self-reported dataset rather than independent third-party research. 

Instrumenting the layer: the fifteen metrics that drive citation 

An architecture is only as good as what it can measure. AnswerShare instruments every property against fifteen 

metrics that drive citation, organized into four families: a headline panel score, a reputation (NPS) family27, a 

set of reasoning-quality keys, and an infrastructure family. Every published judgment score is produced by 

sending the same composed prompt and the same pre-fetched bot-path evidence to five independent 

inference engines and rolling their judgments up to a single number using a median with an outlier-drop pass 

— the median resists a single harsh or lenient grader, which is what makes a published figure defensible and 

reproducible by an outside party. The definitions and math below are disclosed; the methods used to optimize 

each metric to its target are proprietary. 

At a glance, the fifteen metrics group into four families, each answering a different question an AI engine 

implicitly asks of a page: 

https://www.top10lists.us/audit/geo-survey-mj6pew
https://answershare.com/research/lambda-nps-proposal
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Metric family Question it answers Metrics in the family 

Headline judgment Overall, how citable is this site to AI engines? GEO 

Reputation (NPS) 
What do humans and machines think of the brand, and 

how far apart are those views? 
μNPS, λNPS, ΔNPS 

Reasoning-quality keys 
Is the content grounded, fresh, dense with signal, and 

cheap to retrieve? 
SGR, RPC, LMR, RR, RTCost 

Infrastructure 
Can AI bots technically reach, parse, and trust the page 

surface? 
SCHEMA, CITE, TTFB, TTLB, 

INFRA, EGR 

The four metric families, for readers who want the shape of the framework before the detail. Each detailed metric below belongs to one 
of these families. 

The full set, with the plain meaning and the math behind each metric, follows. 

Metric What it means How it is computed Range / target 

GEO 

How completely and confidently AI 

engines can find, parse, and cite the 

site, scored against a canonical GEO 

rubric on the live bot-path HTML. 

Median-with-outlier-drop of five 

independent engine scores (0–100 

each). 

0–100; pass ≥ 

85 

μNPS™ 
Open-market human sentiment — what 

internet users think of the brand. 

(promoter% − detractor%) × 100, age-

weighted by exponential decay on 

review recency. 

−100..+100; 

higher better 

λNPS™ 
Machine-expressed reputation — what 

the AI panel thinks of the brand. 

(promoters − detractors) ÷ classifiable 

responses × 100 across the five-engine 

panel. 

−100..+100; 

higher better 

ΔNPS™ 
Reputation gap between the machine 

view and the human view. 
λNPS − μNPS. Directional gap 

SGR 
Source Grounding Ratio — share of 

factual claims that carry a verifiable 

source, weighted by source authority. 

Σ(authority-tier weight × cited) ÷ total 

claims; .gov/.edu weighted highest, 

unsourced zero. 
0–1; pass ≥ 0.25 

RPC™ 
Retrieval Pages Crawled — how many 

pages an AI crawler can realistically 

retrieve in one visit (crawl breadth). 
(35 × 3 × P_success) ÷ TTLB in seconds. 

Absolute count; 

pass > 3,000 

LMR 
Last-Modified Recency — typical age of 

pages; stale content is re-crawled and 

cited less. 

Median page age in days, from sitemap 

last-modified dates. 
Days; pass ≤ 30 

d 
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The fifteen metrics, continued. 

Metric What it means How it is computed Range / target 

RR 

Relevance Ratio — share of the page 

that is real primary content versus 

chrome and boilerplate (signal-to-

noise). 

Primary-content characters ÷ total 

visible-text characters, clamped to [0,1]. 
0–1; pass ≥ 0.45 

RTCost 

Retrieval Token Cost — how expensive 

(tokens × latency) it is to extract useful 

content; lower means cheaper to 

retrieve. 

(response tokens × TTLB seconds) ÷ 

useful characters. 
Lower better; 

pass ≤ 1.0 

SCHEMA 

Count of validated, distinct schema.org 

JSON-LD entity types served to crawlers 

(Organization, LocalBusiness, Service, 

FAQPage, etc.). 

Distinct @type count present across the 

served page set. 
Count; higher 

better 

CITE 

Citation coverage — fraction of pages 

carrying verifiable trust scaffolding 

(sameAs, isBasedOn, mainEntityOfPage, 

inline citations). 

Cited pages ÷ total pages, expressed as 

a percentage. 
0–100% 

coverage 

TTFB 

Time To First Byte — server 

responsiveness on the cache-served 

path; the front-door latency every 

fetched URL pays. 

Direct network measurement of first 

byte (warm path), in milliseconds. 
ms; lower 

better 

TTLB 
Time To Last Byte — how fast the full 

page finishes loading for a crawler; the 

denominator in the RPC formula. 

p75 of measured last-byte timings, in 

milliseconds. 
ms (p75); lower 

better 

INFRA 

Readiness rollup of eight binary AI-bot 

accessibility signals (robots, llms.txt, 

llms-full.txt, sitemap freshness, JSON-

LD, prerendered HTML, MCP endpoint, 

AI content feed). 

0–100 rollup of the eight pass/fail 

signals (8/8 pass, 2–7 partial, 0–1 fail). 
0–100 readiness 

EGR 

Entity Grounding Ratio — share of 

named entities resolved to a canonical 

knowledge-graph node via sameAs links 

to Wikidata/Wikipedia. 

Grounded entities ÷ total entities, as a 

percentage. 
0–100%; higher 

better 

The fifteen citation-driving metrics AnswerShare instruments, with plain meaning and the math behind each. Headline judgment 
metrics use a five-engine median-with-outlier-drop panel. The thresholds shown are AnswerShare internal engineering targets — the 
house values used for operational consistency and reproducibility across properties. They are not proposed as industry standards, and 
the correlation between hitting these thresholds and earning citations is still being validated against first-party measurement; it has not 
yet been independently published. Metric meanings and formulas are disclosed here; the optimization methods used to reach each 
target are proprietary. 

First-party case study (n = 1) — LAVIDGE: self-asserted shift from unsurfaced to ranked 

Applied to LAVIDGE, a Phoenix advertising agency, the full translation-layer build is associated with a move 

from not surfaced to surfaced, mentioned, cited, and ranked across the engine panel — first observed 

within two weeks and fully audited across the panel within 17 days. We use four terms precisely: 

surfaced means the brand appears anywhere in an engine’s answer; mentioned means the brand is named 

in the answer; cited means the answer carries a link or source attribution to the property; and ranked 
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means the brand is returned in an ordered recommendation list for a category prompt. This is a single 

client (n = 1) and a self-reported exemplar, not a controlled trial. 

On the most recent refresh the property scored a GEO composite of 85/100 (five-model median), with 

the reasoning-quality and infrastructure metrics all inside their internal targets: SGR 0.605 (target ≥ 0.25), 

RPC about 5,250 pages (target > 3,000), LMR 0 days (target ≤ 30), RR 0.83 (target ≥ 0.45), RTCost 0.026 

(target ≤ 1.0), four distinct schema types, CITE 98% page coverage, TTFB about 18 ms, TTLB about 20 ms 

(p75), INFRA 90/100, and EGR 51%. On reputation, μNPS was +80, λNPS +68.4, and ΔNPS −11.6. In a live 

engine audit for “recommend an ad agency in Phoenix,” LAVIDGE placed first on Perplexity, second on 

Claude, third on ChatGPT, and fourth on Gemini. Over the trailing 30 days the property logged about 

12,360 AI-crawler hits, 44% of them user-intent. These are AnswerShare’s own first-party dashboard 

measurements. 

Reading the crawl number honestly. Crawl hits sit at the very top of the value chain — crawl → retrieval 

→ citation → mention → click → conversion — and only the first link is directly observable here. A rise in 

AI-crawler traffic shows the property became more retrievable; it is not itself a business outcome, and it 

should not be read as revenue, leads, or even guaranteed citations. The 12,360 figure is an input signal, 

not a result. 

Why this is consistent with causation — and where the limits are. The before state is self-asserted: 

LAVIDGE reports having been unsurfaced prior to the build, but a like-for-like quantified baseline was not 

captured under the same methodology, so the before/after is a qualitative shift rather than a numeric 

comparison. One material control can be stated: the engine prompt panel was frozen before the test and 

not changed during it, so the post-build movement was not produced by re-wording the prompts. With a 

frozen prompt panel and a known intervention, the observed shift is consistent with a causal effect of the 

translation layer; it does not prove one, because n = 1, there is no control property, and engine behavior 

changes month to month. 

“Within two weeks of implementing AnswerShare.ai’s translation layer, our site has seen a significant 

increase in crawls by AI bots and an increase in AI visibility and recommendations. Our site is now a 

leader in generative engine optimization, putting us well ahead of the competition.” 

— Stephen Heitz, Chief Innovation Officer, LAVIDGE 

Sourcing-lift case studies 

A September 2025 case study by Go Fish Digital, which systematically restructured a brand’s content for 

information gain by embedding unique statistics and expert quotes, reported a 43% increase in AI-driven 

referral traffic, an 83% conversion lift, and a 25-fold higher conversion rate from AI leads than from traditional 

search leads.22 [SELF-REPORTED] Separately, a B2B technology client working with Percepture reported a 212% 

increase in sales-qualified leads after optimizing for entity-rich conversational structures, with AI-referred 

traffic converting at rates about 12.8 times higher than standard search.23 [SELF-REPORTED] When a brand is cited 

directly inside an AI response, it builds user trust before the visitor even reaches the site. 

A limitation worth stating plainly 

A fair reading of this evidence requires acknowledging its weak points. Much of the conversion-premium 

data is vendor-published and self-selected; case studies report wins, not the campaigns that failed. The 

benchmarks measure visibility inside synthetic query panels, which may not mirror live commercial intent. 

And AI platform interfaces are changing monthly, so any single statistic can be invalidated by the next 

https://gofishdigital.com/blog/generative-engine-optimization-geo-case-study-driving-leads/
https://percepture.com/services/geo-services/
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product update. The directional conclusion — that high-intent AI referrals reward structured, well-sourced 

content — holds across independent sources; the precise multipliers should be revalidated against first-

party measurement before they are used for forecasting. 

8. Sourcing differences and platform-specific citation patterns 

AI platforms are not uniform in their sourcing models. ChatGPT and Perplexity display a pronounced citation 

chasm, relying on different data sources to construct answers.24 

Citation attribute ChatGPT framework Perplexity framework 

Avg citations per query ~10.4 (primary studies report ~7.9) ~21.9 

Mention-to-citation ratio ~3.2x more brand mentions than links ~20x more links than mentions 

Top sourcing categories 
Yelp, TripAdvisor, MapQuest, BBB 

(≈48.7% share) 
Academic journals, specialist publications, 

YouTube 

Core reference source Wikipedia (≈16.3%), LinkedIn (≈14.3%) 
Academic and research publishers (.edu, 

.gov) 

Freshness bias 
Content ≈458 days newer than Google 

organic average 
≈82% citation rate for content updated 

within 30 days 

Google index overlap 
Low to moderate; about 80% of URLs not 

in top 100 
Higher; mirrors Google's top 10 more 

closely 

Platform citation frameworks. Citation counts per query reflect Qwairy Q3 2025; the ~10.4 figure circulates in secondary analyses while 

primary data reports ~7.9 for ChatGPT. 24 

ChatGPT effectively trusts what the broader web has aggregated about a brand, favoring third-party 

directories, Wikipedia, and professional networks. Perplexity functions as a high-authority research engine, 

favoring academic publishers, government portals, and video content. Because of these distinct models, only 

about 11% of cited domains overlap between ChatGPT and Perplexity, so a brand optimized for Perplexity’s 

academic and freshness model may remain nearly invisible inside ChatGPT’s directory-driven retrieval.24 

9. Attribution modeling and operational implementation 

Because generative platforms change user behavior and obscure direct referral data, traditional analytics 

frameworks systematically underreport AI-driven conversions. ChatGPT strips referrer data from paid-tier 

sessions via the noreferrer attribute, while clicks originating from Google AI Overviews are classified as 

standard organic search rather than AI-referred traffic. Many users also hold a detailed AI conversation, receive 

a brand recommendation, and then open a new tab to search that brand directly, so analytics attribute the 

conversion to direct or branded organic search and hide the true impact of the AI citation. 

GA4 integration 

To address the gap, organizations should build a custom channel group in GA4 dedicated to AI platforms, 

created under Admin, Data Display, Channel Groups, and placed above the standard Referral and Organic 

Search channels so it is evaluated first. The grouping rule uses a regular expression to isolate direct AI referrals: 

.*chatgpt.*|.*openai.*|.*perplexity.*| 

.*claude.*|.*anthropic.*|.*gemini.*| 

.*copilot.*|.*poe\.com.*|.*you\.com.* 

https://www.qwairy.co/blog/provider-citation-behavior-q3-2025
https://www.qwairy.co/blog/provider-citation-behavior-q3-2025
https://www.qwairy.co/blog/provider-citation-behavior-q3-2025
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The legacy bard pattern has been dropped from the active rule because Bard is no longer a consumer-facing 

brand; retain it only in a separate historical-referrer segment if continuity with older data matters. Because AI 

referrer patterns shift as engines launch, rename, and change how they pass referrer data, this regular 

expression should be reviewed monthly and updated as new engines and domains appear. 

Dynamic personalization 

To scale programmatic content safely, organizations must move beyond single-variable templates and use 

content engines that dynamically assemble pages from context-specific logic blocks, swapping features, pricing, 

and integration data based on industry use case rather than swapping a single noun. To keep scaled builds 

high-value, publishers should monitor a uniqueness ratio across generated pages: 

Uniqueness Ratio (U) = Unique Fields Count ÷ Total Fields Count  ≥  0.60 

 

Unique fields are the data fields that vary across pages and total fields are the content fields in the template. 

Programmatic systems should require U ≥ 0.60 and pull from at least three independent databases, such as 

local market data, user reviews, and product-specific APIs, to satisfy the information-gain thresholds needed 

for indexation and retrieval. 

10. Share of Model as the operational baseline metric 

With ranking positions becoming less reliable, Share of Model (SoM) is the primary metric for visibility in the 

generative search economy: 

Share of Model = (Brand Citations ÷ Total Citations) × 100 

 

To measure SoM, organizations should run regular automated tests using LLM APIs across a controlled prompt 

panel. A minimal reference implementation: 
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import openai 
import pandas as pd 
from datetime import datetime 
import re 
  
BRAND = "target_brand" 
COMPETITORS = ["comp_a", "comp_b", "comp_c"] 
PROMPTS = [ 
    "What is the best enterprise CRM for healthcare?", 
    "Compare the top B2B SaaS marketing tools in 2026", 
    "Recommend an automated supply chain tool", 
] 
  
def _mentioned(name, text): 
    # Word-boundary match avoids substring over-counting 
    # (e.g. "Ace" inside "space"). See production note below. 
    return re.search(r"\b" + re.escape(name.lower()) + r"\b", text) is not None 
  
def analyze_ai_share(prompt, brand_name): 
    client = openai.OpenAI(api_key="sk-...") 
    response = client.chat.completions.create( 
        model="gpt-4o", 
        messages=[{"role": "user", "content": prompt}], 
        temperature=0.3, 
    ) 
    text = response.choices[0].message.content.lower() 
    return { 
        "timestamp": datetime.now().isoformat(), 
        "prompt": prompt, 
        "brand_cited": _mentioned(brand_name, text), 
        "competitor_citations": {c: _mentioned(c, text) for c in COMPETITORS}, 
    } 
  
# Execute evaluations, compile data, and track SoM monthly 

 

Production note — entity disambiguation 

The reference snippet above uses a word-boundary regular expression rather than a raw substring test. A 

naive substring match (for example, "name in text") over-counts: the brand "Ace" would falsely match 

inside "space" or "place," inflating Share of Model. In production, harden this further with case-insensitive 

matching, brand-alias and acronym handling, exclusion of negated mentions ("not recommended"), and 

ideally an entity-resolution step keyed to the brand’s Wikidata identifier so citations are counted against 

a canonical entity rather than a string. 

By querying APIs across 50 to 200 industry-specific prompt variations, organizations can establish a baseline AI 

visibility rate, track average citation positioning, and measure competitor share-of-voice over time. 

11. Strategic conclusions 

The empirical record shows that generative search has changed the dynamics of digital customer acquisition. 

While legacy SEO and paid campaigns chase high-volume clicks, the rise of zero-click search means brands must 

optimize for visibility inside AI-generated responses. Traditional SEO+ bundles and basic programmatic scaling 

fail to achieve that visibility because they lack information gain and do not provide the structured, factual data 

that modern RAG models require.17,18,21 

Generative Engine Optimization offers a structured, research-grounded framework to improve a brand’s 

citation rate and authority across conversational engines. Component tactics such as structured data, verified 

https://developers.google.com/search/docs/essentials/spam-policies
https://www.semrush.com/blog/ai-search-seo-traffic-study/
https://arxiv.org/abs/2311.09735
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statistics, and expert quotes each help, but the most effective implementation is architectural: a complete 

translation layer that serves clean-room, grounded payloads from a cached CDN and drives the share of 

failed retrieval-to-citation conversions to its floor. By adopting that architecture and tracking performance 

through Share of Model, organizations can capture highly pre-qualified, high-converting referral traffic and 

make their acquisition strategy more resilient to AI-mediated discovery in an AI-driven search market.21,22 

https://arxiv.org/abs/2311.09735
https://gofishdigital.com/blog/generative-engine-optimization-geo-case-study-driving-leads/
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Sources and Notes 
All sources below are public resources used to ground this whitepaper. Accessed June 20, 2026 unless otherwise noted. Vendor 
case studies are labeled as self-reported where applicable. The in-text superscript numbers throughout this document are 
clickable and link directly to the corresponding source. 

Source reliability tiers. To help readers weight the evidence, each source is assigned one of three reliability tiers. The tier 
reflects the nature and independence of the underlying data, not whether a given figure is correct. 

Tier 1 — Independent evidence: academic and peer-reviewed research, platform-owned first-party data, and independent 

third-party measurement (search-engine documentation, and clickstream or analytics providers reporting their own measured 

data). This tier excludes any party with a commercial stake in the paper’s conclusion. 

Tier 2 — Established industry research and large vendor datasets (large-scale studies and benchmark reports published by 

recognized SEO/AI-search vendors and independent analysts). 

Tier 3 — Agency studies, case studies, self-reported vendor results, and AnswerShare first-party datasets (single-client 

outcomes, vendor-reported wins, and the author’s own measurements). AnswerShare, Top10Lists.us, LAVIDGE, the 100-site 

audit, and the λNPS companion paper all sit here by design: the paper does not grade its own evidence above independent 

research. 

Identity — Identity-grounding records (Wikidata) are used only to disambiguate the author and the AnswerShare entity. They 

are not treated as evidence for the economic thesis and carry no evidence tier. 

[1] Tier 1 · SparkToro (Rand Fishkin), "In 2026, less than one-third of Google searches still send a click." Reports 68.01% zero-

click rate for US Google searches (Jan–Apr 2026), up from 60.45% in 2024, using Similarweb clickstream data. URL: 

https://sparktoro.com/blog/in-2026-less-than-one-third-of-google-searches-still-send-a-click/ 

[2] Tier 2 · Semrush, "AI Overviews Study," and Conductor 2026 AEO/GEO Benchmarks Report. Confirm AI Overviews at 6.49% 

(Jan 2025), 13.14% (Mar 2025), and above 25% by late 2025/early 2026. URL: https://www.semrush.com/blog/semrush-ai-

overviews-study/ 

[3] Tier 2 · Ahrefs, "Update: AI Overviews Reduce Clicks by 58%." Study of 300,000 keywords (Dec 2025 data) finds position-1 

CTR falls about 58% when an AI Overview is present. URL: https://ahrefs.com/blog/ai-overviews-reduce-clicks-update/ 

[4] Tier 3 · Digital Applied, "Zero-Click Search Statistics 2026," compiling cross-engine analysis; Google AI Mode 93% separately 

corroborated by Semrush (Sep 2025). Perplexity, ChatGPT, and Copilot figures trace to a May 2026 cross-engine study. URL: 

https://www.digitalapplied.com/blog/zero-click-search-statistics-2026-complete-data 

[5] Tier 1 · Bain & Company, "Goodbye Clicks, Hello AI: Zero-Click Search Redefines Marketing." Reports about 80% of 

consumers rely on AI summaries at least 40% of the time and an estimated 15–25% organic traffic decline. URL: 

https://www.bain.com/insights/goodbye-clicks-hello-ai-zero-click-search-redefines-marketing/ 

[6] Tier 1 · Gartner, "Gartner Predicts Search Engine Volume Will Drop 25% by 2026, Due to AI Chatbots and Other Virtual 

Agents" (Feb 19, 2024). URL: https://www.gartner.com/en/newsroom/press-releases/2024-02-19-gartner-predicts-search-

engine-volume-will-drop-25-percent-by-2026-due-to-ai-chatbots-and-other-virtual-agents 

[7] Tier 2 · Ahrefs, "AI Search Traffic Converts ~23x Better" (conversion premium and ~1% traffic share), with corroborating 

Conductor and Semrush data on AI referral share. Vendor estimates of the premium range widely (~2x–23x) by methodology. 

URL: https://ahrefs.com/blog/ai-search-traffic-conversions-ahrefs/ 

[8] Tier 2 · Ahrefs (Patrick Stox), first-party data: AI search accounted for 0.5% of traffic but 12.1% of sign-ups, a 24.2x 

conversion premium (June 2025). URL: https://ahrefs.com/blog/ai-search-traffic-conversions-ahrefs/ 

[9] Tier 1 · Microsoft Clarity analysis of 1,277 publisher domains (LLM sign-up conversion 1.66% vs 0.15% organic) with 

Conductor 2026 AEO/GEO Benchmarks Report (73% first-session conversion). URL: https://www.conductor.com/academy/aeo-

geo-benchmarks-report/ 

[10] Tier 1 · Adobe (Adobe Analytics / Digital Insights), "AI-Driven Traffic Surges Ahead in Q2." Revenue per visit from AI 

referrals rose from 3% of non-AI value (Jul 2024) to 70% (May 2025), approaching parity by late 2025. URL: 

https://business.adobe.com/blog/ai-driven-traffic-surges-ahead-in-q2 

https://sparktoro.com/blog/in-2026-less-than-one-third-of-google-searches-still-send-a-click/
https://www.semrush.com/blog/semrush-ai-overviews-study/
https://www.semrush.com/blog/semrush-ai-overviews-study/
https://ahrefs.com/blog/ai-overviews-reduce-clicks-update/
https://www.digitalapplied.com/blog/zero-click-search-statistics-2026-complete-data
https://www.bain.com/insights/goodbye-clicks-hello-ai-zero-click-search-redefines-marketing/
https://www.gartner.com/en/newsroom/press-releases/2024-02-19-gartner-predicts-search-engine-volume-will-drop-25-percent-by-2026-due-to-ai-chatbots-and-other-virtual-agents
https://www.gartner.com/en/newsroom/press-releases/2024-02-19-gartner-predicts-search-engine-volume-will-drop-25-percent-by-2026-due-to-ai-chatbots-and-other-virtual-agents
https://ahrefs.com/blog/ai-search-traffic-conversions-ahrefs/
https://ahrefs.com/blog/ai-search-traffic-conversions-ahrefs/
https://www.conductor.com/academy/aeo-geo-benchmarks-report/
https://www.conductor.com/academy/aeo-geo-benchmarks-report/
https://business.adobe.com/blog/ai-driven-traffic-surges-ahead-in-q2
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[11] Tier 3 · Conversational query length analysis (AI queries averaging ~23 words vs ~4 for traditional search); directional 

finding corroborated across multiple search-industry sources. URL: https://www.ranketai.com/en/blog/deep-dive-

conversational-query-content-design-2026-06-05 

[12] Tier 3 · The Digital Bloom, "Generative AI Website Traffic Share, February 2026," citing Similarweb: ChatGPT-referred users 

spend ~15 minutes on-site versus ~8 minutes for Google referrals. URL: https://thedigitalbloom.com/learn/gen-ai-website-

traffic-share-february-2026/ 

[13] Tier 2 · Conductor 2026 AEO/GEO Benchmarks Report (ChatGPT 87.4% of outbound AI referrals) and The Digital Bloom 

(Feb 2026) for platform conversion rates including Claude at 16.8%. URL: https://www.conductor.com/academy/aeo-geo-

benchmarks-report/ 

[14] Tier 1 · Similarweb, reported by TechCrunch: AI platforms drove 1.13 billion referral visits in June 2025, up 357% year over 

year; WebFX analysis cites ~165x faster AI referral growth. URL: https://techcrunch.com/2025/07/25/ai-referrals-to-top-

websites-were-up-357-year-over-year-in-june-reaching-1-13b/ 

[15] Tier 2 · Previsible, "2025 State of AI Discovery Report" (1,963,544 LLM sessions): Microsoft Copilot grew from 180 sessions 

(Nov 2024) to 4,534 (Nov 2025), +2,419% YoY. Small-base figure; read as an early signal. URL: https://previsible.io/seo-

strategy/ai-seo-study-2025/ 

[16] Tier 1 · Similarweb, "ChatGPT Referral Traffic Triples." Documents the May 7, 2026 ChatGPT interface update surfacing 

clickable links, with referral traffic +157.7% in one week and homepage referrals +354.7%. URL: 

https://www.similarweb.com/blog/insights/ai-news/chatgpt-referral-traffic-triples/ 

[17] Tier 1 · Google Search Central, "Spam policies for Google web search," defining scaled content abuse and doorway pages; 

consistent with observed local-directory traffic losses in the 70–90% range. URL: 

https://developers.google.com/search/docs/essentials/spam-policies 

[18] Tier 2 · Semrush AI search SEO study (about 90% of ChatGPT citations from pages ranking 21+ in Google), with Ahrefs AI-

search overlap research finding roughly 80% of ChatGPT-cited URLs are not in Google’s top 100. URL: 

https://www.semrush.com/blog/ai-search-seo-traffic-study/ 

[19] Tier 2 · SE Ranking, "Review Platforms in AI Overviews" (Jan 2026): TrustRadius -92.2%, Capterra -89%, Software Advice -

86.5%, G2 -84.5%, Gartner Peer Insights -76.5%. URL: https://seranking.com/blog/review-platforms-in-ai-overviews/ 

[20] Tier 2 · Lily Ray, "Are Citations in AI Search Affected by Core Updates?" (Feb 2026): every tracked site that lost Google 

organic visibility also lost AI citations; ChatGPT -27.8%, AI Overviews -23.8%, LLM average -22.5%. URL: 

https://lilyraynyc.substack.com/p/are-citations-in-ai-search-affected 

[21] Tier 1 · Aggarwal et al. (Princeton, Georgia Tech, Allen Institute for AI, IIT Delhi), "GEO: Generative Engine Optimization" 

(KDD 2024). Introduces GEO-bench (10,000 queries); strongest single-method lifts fall in the ~30–41% range (quotations ~41%, 

statistics ~31–37%), with a headline of up to ~40%. URL: https://arxiv.org/abs/2311.09735 

[22] Tier 3 · Go Fish Digital, GEO case study (Sept 2025): +43% AI-driven referral traffic, +83% conversion lift, and a 25x higher 

conversion rate from AI leads than traditional search leads (self-reported). URL: https://gofishdigital.com/blog/generative-

engine-optimization-geo-case-study-driving-leads/ 

[23] Tier 3 · Percepture, GEO services (agency self-reported): a B2B technology client achieved a 212% increase in sales-

qualified leads, with AI-sourced traffic converting about 12.8x higher than traditional search. URL: 

https://percepture.com/services/geo-services/ 

[24] Tier 2 · Qwairy, "Provider Citation Behavior, Q3 2025" (118,101 answers; 669,065 citations): Perplexity ~21.87 

citations/query and ChatGPT ~7.92 (the ~10.4 figure circulates in secondary analyses); ~11% domain overlap and Perplexity 

freshness bias corroborated by Whitehat SEO. URL: https://www.qwairy.co/blog/provider-citation-behavior-q3-2025 
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